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Why did the instructor use GenAI for learning and teaching?
The team led by Prof. Dechao recently examined AI-assisted post-editing (AIPE), where the adopted large language 
model not only suggested revisions to machine-translated text but also provided step-by-step rationales for those 
suggestions. Although the study was conducted in a translation training context rather than a general classroom 
intervention, the educational rationale is clear: 

How was GenAI used in this scenario?
Using eye-tracking, key-logging, self-ratings and interviews, the team compared AIPE with traditional post-editing and 
explored how task conditions shape the impact of GenAI. Particularly, the team showed a practical model of GenAI use 
that may transfer well to teaching and learning in other disciplines as well. The model was as follows:

GenAI as a suggestion generator
The system produced candidate revisions to machine-translated text, which parallels how students might use GenAI to:

GenAI as an explanation tool
Crucially, the AI did not just give answers — it also explained its reasoning. This is highly relevant for teaching because 
explanations can:

GenAI as a structured learning partner
The broader pedagogic value lies in using GenAI as part of a guided workflow, where students remain responsible for the 
final decision. That aligns well with assessment-for-learning approaches and helps avoid passive use of AI.

This is a strong model for academic practice generally. For example, in assignments, GenAI can be used to support:

GenAI as a prompt for critical review
Students were expected to:

generate an initial draft,

propose alternatives,

identify areas for improvement,

or suggest revisions to an existing piece of work.

inspect the AI suggestion,

compare it against the source text and task brief,

accept, reject, or revise it,

and justify their choices.

drafting and redrafting,

peer review preparation,

reflective commentary,

comparison of alternative arguments,

or analysis of complex scenarios.

make the AI’s logic visible,

help students understand why a suggestion was made,

and encourage them to compare AI output with task requirements.

What was the impact on student learning?
The study suggests that GenAI had a generally positive effect on learning processes, but in a nuanced way.

Positive effects
AI-supported post-editing:

This implies that GenAI can help students work more efficiently when they are dealing with complex or unfamiliar tasks.

Learning value beyond efficiency
Importantly, the AI did not simply make the task easier. It also:

That is an important educational outcome. In teaching terms, this means GenAI may help students move from doing 
the task mechanically to thinking about the task more deliberately.

Context matters
The benefits were strongest when the task was more demanding and when the AI support aligned well with the task 
requirements. For learning and teaching, this suggests GenAI is most useful when:

So the impact on learning was not uniform, but context-sensitive. The impact was nuanced rather than uniformly 
positive. Ultimately, GenAI changed how students worked more than how long they spent. In short, GenAI was used 
not as a replacement for human thinking but as a scaffold for decision-making, reflection, and responsible use.

What were the challenges encountered during the 
implementation and what solutions were used?
The team found several important implementation challenges that are directly relevant to teaching practice.

Subject Area

Challenge 1: Information overload
Because GenAI provided both suggestions and explanations, learners sometimes had to manage 
multiple information sources at once. This can create cognitive friction — extra effort caused by having 
to integrate, compare, and verify information.

Solution: 
The AI support was designed to be transparent and task-relevant, with explanations intended to help rather 
than overwhelm. For teaching, this suggests we should avoid overloading students with too many AI 
outputs or overly verbose rationales.

Challenge 2: Risk of overreliance
A key concern in GenAI-supported learning is that students may accept outputs uncritically.

Solution: 

Challenge 3: Uneven benefits across task types
The study found that GenAI was more effective in some conditions than others. In particular, its 
value depended on factors such as:

Solution: 
The authors emphasised task-technology fit — in other words, matching the kind of GenAI 
support to the nature of the task. This is a very useful principle for higher education:

Solution: 
The AI was used as a partner in decision-making, not as a replacement for the learner. Students 
retained responsibility for the final output.

Challenge 4: Need to preserve human judgement
The study showed that while GenAI can reduce routine effort, human judgement remains essential.

This is perhaps the most important teaching implication: GenAI should be used to extend student agency, not weaken 

task directionality,

task difficulty,

use GenAI where it can meaningfully support learning,

but do not assume it is equally helpful for every task.

and the quality threshold required.

The workflow required students to actively evaluate the AI’s suggestions and decide whether to accept, 
reject, or modify them. This built in a layer of verification and accountability.

For academic teaching, this means assessments and activities should require students to justify their 
use of AI, not merely submit AI-assisted work.

To support cognitively demanding work by offloading routine tasks such as initial error detection and candidate generation.

To make AI support transparent through explanations, helping learners understand not just what the AI suggests but why.

To develop AI literacy and evaluative judgement, rather than encouraging blind acceptance of AI output.

To simulate authentic professional practice, where graduates increasingly need to work with AI-enabled tools.

reduced overall cognitive load;

made tasks feel less demanding;

reduced the need for sustained searching and monitoring;

supported quicker understanding and decision-making in some contexts.

prompted more frequent evaluation at specific points;

encouraged students to check, compare, and justify decisions;

shifted effort from routine production to critical engagement.

students need scaffolding,

tasks are cognitively complex,

and the system’s suggestions are closely matched to the learning task.


